2021 4 8 B 2 2 IR August 2021
ks HiH JOURNAL OF GRAPHICS Vol.42 No.4

ETHRERRAEFESLIER AR

KERE, KPR FRE’, AEF'

(1. BB IA¥EHLFR, LH FE 210094; 2. biEs e TREFRTH, L 201109;
3. BREBEBIAFHENMNFEIRFR, LA B 210094)

it B A SAATREFENEFRBLEARDE R TEEEERKGRE, RE—FEXTH
REIBEFAE T A AT patch AR B B ZaRA 0 FERRSEEE L, ZBE AL TAMAFIE
AN, ARAABHFRBEESE T LA BIHATESCL MR R EOEER L, SHRF LM BARR
BEGARBEH R LGB B F 694, Kmbagk L0 AR BGMTRER; KRB, 25 SR EZBOHEEA
B R B R R R AR AT B E XA, AT patch #ﬂ%ﬂffi?ﬁna‘s’i%‘%ikﬁﬁéﬁﬁi%ia‘Eiéi‘r*]é@%,’%iiﬁﬁ%‘%%u%ﬂz
S0 REMBEAAFTESXZOBREOMR., FREREY, R AT ARG E R B FiTH
RBRFALFEREMITRE T XETHRITFEESZLR.
X B OIE: BREM; KA EEAOR: BEB&R; Bkl

FESES: TP39I1 DOI: 10.11996/JGj.2095-302X.2021040629
Xk riRE: A X E % S: 2095-302X(2021)04-0629-07

Real-time virtual and real occlusion processing technology
based on voting decision
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Abstract: Aiming at the problems of poor real-time performance and low accuracy faced by the current virtual and
real occlusion processing technology based on depth information, a real-time virtual and real occlusion processing
algorithm was proposed based on local area depth estimation and patch similarity-based fusion of noise points. The
algorithm took the real scene video sequence as the input. Firstly, the depth information of sparse key points was
estimated using the local area depth estimation algorithm through sparse reconstruction, and the sparse depth was
imposed on the target area to limit the depth propagation to the surrounding pixels, so as to quickly restore the relative

depth map of the target area. Then, the noise point voting fusion algorithm employed depth comparison to determine
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the front and back position relationship of the virtual and real objects, and voted and merged the pixels in the area

based on the patch similarity and voting decision method. Finally, the fusion effect with real occlusion relationship

was output. The experimental results show that the proposed algorithm can not only improve the real-time

performance of virtual and real occlusion, but also obtain a good fusion effect under different spatial relationships

between real and virtual scenes.
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