%527 % H5 M TR P B s 5 BB % 22 4k Vol. 27 No.5
20154 5 H Journal of Computer-Aided Design & Computer Graphics May 2015

AR LT it R W AZHE 5 & RE Tl

B OEY ELEY, nEEY

V(R aUH TR AR S TR #at 210094)
2 (pEBEB AP I bRt 100190)

D (MHL TR A3 kBE Biat  210094)
(wenruity@163.com)

DR TR AN [ Y TR LA S R R R, DR B BT U B R B, DRI e AR A TR
AR B PR S AR L S SR T R A U, 3R R TR T B R A SR B AR %
AR LA Ak S5 T AR A H A8 P ) Ja P B A N R 5 R AR A AR SR A T S SR g A i R,
Xof AR B A A R ST T B R A S AR RE . SR ﬁ'%%%fﬁ, SCrPRE R BE RS AZ R 2 AN R AR LT 5 R Ak
TR, FEARORA A AR R b, R S R B AR 0 A B TR RT L R 4 /N R B R, A O B T
PR T BB A IR S i B

R =<1 S P TRIP RS ok I S R TR
: TP391
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Abstract: Process plant design involves a variety of engineering backgrounds and specialized knowledge.
With abundant latent design rules not being extracted, the existing modeling methods present the disadvan-
tages of low efficiency and deficient model quality. In that sense, a Frequent-Type-Tree model for mining
process plant design rules is proposed. The model constructs a Frequent Type Tree by analyzing component
attributes and topological correlations in plant models and provides real-time intelligent predictions by que-
rying the tree for future design. Experimental results show that the proposed model can mine valuable latent
modeling knowledge in various application backgrounds. The mined knowledge is then used to shrink ranges
of component selection by a large margin while future modeling efficiency and design quality is improved
significantly.
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